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 1. Background – Multi-label Learning 

 Multi-label Learning (ML)： 

• Definition: an instance can be assigned with multiple labels simultaneously 

• Applications: text categorization, functional genomics and scene classification 

text categorization functional genomics  scene classification 
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 1. Background – Multi-label Learning 

 Traditional Multi-label Algorithm： 
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 1. Background – Multi-label Learning 

 Multi-label learning with label noise： 

Multi-Label With Label Noise
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 1. Related Word– Multi-label Learning 

 Multi-label learning with feature noise： 

 Multi-Label Dimensionality Reduction via Dependence Maximization(MDDM) ：  

Assumption:   exist some relation between the feature description and 
labels associated with the same object 
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 3. Our Model – HNOML 

 Hybrid Noise Oriented Multi-Label Learning： 

 目标函数： 
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 Multi-label learning with hybrid noise： 
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 1. Background – Multi-label Learning 

 Hamming Loss: 
 

 Multi-label evaluation metrics： 

 Ranking Loss: 
 

 One-error: 
 

 Coverage: 
    

  Average Precision: 
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 4. Experiment 

 Multi-label learning with hybrid noise： 


