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%ilf): xxx has emerged to be a critical problem/central issue in xxx area

xxX has become a promising research direction due to xxx

As xxx, the task of xxx becomes increasingly important

XXX arises to be the current trend in xxx

With recent development of xxx, the importance of xxx has been widely acknowledged.
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Unfortunately, xxx harms xxx

xxx is challenging due to xxx

Major drawbacks of xxx are xxx

The lack of xxx has led to serious problems such as xxx
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Previous research mainly focus on xxx, which ignore xxx
Traditional methods

A limitation of prior research is
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In this contribution, we focus on integrating xxx with xxx

In this paper, we exploit xxx to generate precise prediction on xxx

In this work, we explore the possibility/feasibility of modeling xxx and xxx simultaneously
On the contrary, we investigate xxx in this work
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A xxx model is proposed, which xxx

(i HL# 7] LAZS 5 T model BUAN 4 7, F F N E 5 98 Hh 42 7455 (15KJ5, 2 IKNN: Informative
k-nearest neighbor pattern classification)
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We develop xxx, based on xxx features derived from xxx
The presented framework consists of two stages, in the first stage xxx
The properties of xxx are studied and employed in xxx
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Experimental results on xxx data sets demonstrate the efficiency and effectiveness of the
proposed model

Our extensive empirical analysis under xxx scenarios shows the capability of xxx

Experiments carried on xxx data sets show that our xxx method outperforms traditional methods
in terms of xxx
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Our analysis is the largest such study we are aware of

The discovery presented in this paper can be helpful for future research on xxx
The encouraging results reveals the potential of xxx
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With the increasing amount of available information in the Internet, recommendation systems
emerged to be a hot spot for intelligent knowledge management.
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Because of its capability of dealing with information over-load, recommendation systems have
been widely used.
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Typical applications include xxx
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For example, the number of users of xxx can easily exceeds xxx, the amount of xxx increased xxx
per day
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Recently, recommendation systems have attracted more and more research interest
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Although recommender systems have been widely studied in the academia and deployed in the
industry, most of these techniques suffer several inherent weaknesses.

i

However, recommending items to individuals is not a trivial task. It poses three challenges.
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Towards xxx, xxx heuristics are natural solutions to xxx
To overcome the above challenges, we propose to xxx
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The key idea here is to .... We also ...
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Contributions in this work are as follows:
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The paper is organized as follows: Section 1...
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BREFEATE 12 (Sample: A novel Recommendation model for sparse user-item matrix)
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In this section, we depict the intuition and technical details of xxx
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In most recommendation scenario, sparsity of rating matrix leads to inaccurate prediction of
user-item ratings. As illustrated in Fig. 1, the input user-item matrix is a very sparse matrix
because every user only rates few items. Suppose unrated data are covered with shade, xxx
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Intuitively, we can fill shaded blocks (missing data) using available information in the original
matrix. If our algorithm achieves confidence in the prediction, then we give this shaded block a
predicted rating value . Otherwise, we set the value of this missing

data to zero.
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In this subsection ,we evaluate the performance of xxx on xxx problem. The experiment is
carried on xxx
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As shown in figure/table x, xxx increase the accuracy of xxx to xxx...This suggests that

A Mg, AR LANZE B a R R

LISV E, 2 TIE, AT AR LEAT N AR, FER LG EA Pt s . RERH]
LR, MEAREA U WRAA R, WD RSN AT Bl R 1k 2
— B 34 A ELELSRYS, RRASEIOR 306 NS LA IR, BRI R B BT i
BRI HE 204 AN BRI FUETF Y, RN B AR — A R B PRI R bR
— .

PAEWCEGERS[S]HF

FEXCES, REMEZEESL

a0 introduction Rffad APk, AR, FARTARSE, EAE T, SLU0 it
¥l

{HAE— g HN IZ A K —FF

B, MEAA—#.  introduction s E YR EEH — A, AP EH A
AR FEEA)ZE, FHAYIA A ZER AR

XL e A R SIS A1 R R SOMUT IR A AR, T 2 ] i

[RARIHEE]
integrate, ensemble(4E ik % > FiX 4™ 1d]), hybrid, combine, fusion, simultaneously, extend,
expand,mixture,jointly,coupled, mutual,multi-, assemble

[ ]
utilize, employ, adopt,use,explore, with(We do... with ..., #4F Sth is done with... . A~ZEH We
use sth to do...)

(4]

increase, improve, enhance, reinforce, boost

[KHL]
detect, recognize, identify, discover, find,recover, reveal,predict,extract,generate,distinguish xx
from xx,

[F2H]
propose, present, address

[KE]
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large, massive, high volume, large amount, fruitful, scale of data(HE %)

[T5]
predict

(7]
outperform, better, superior, prior(eg. Two models are used for...,, however, there is no prior
reason to assume a specific model in this question.)

EES S
due to, hence, therefore

[HEWT]

inference

(A5, BAK, WNER]
inherent (eg. It results from the randomness inherent in the XXX process.)

[ i AN ZLFH (193] ]
obviously, certainly, and so on(7] LA etc ££#)
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